®
GETTING DOWN TO BUSINESS
: UTILIZING DATA STANDARDS

2017 Fall Conference

Leveraging Predictive Analytics
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WHO AM I? COMPETENCIES CONNECT?
(AS FAR AS YOU KNOW)

e Predictive Analytics
MAPVIDA (we’ll get to this
v phrase)
@ Marketing Intelligence
TransUnion: Facebook.com/Mapvida

Product Channels

) Kroll

KKilkScore i

Online Trust Score '©

Prompt Presentations

- to not impact lunch (if you

schedule (my strength) like MapVida, but don't
want to talk with me)

"1\() 800’
“oe”

£ Little Caesars



mailto:mauseth@mapvida.com
mailto:info@mapvida.com

“PREDICTIVE ANALYTICS”: ANOTHER BUZZ PHRASE?

Top Data Buzz Phrases
* Predictive Analytics
 Artificial Intelligence

* Small Data
* Fast Data
* Dark Data/Moneyball




“PREDICTIVE ANALYTICS”: ANOTHER BUZZ PHRASE?

Top Data Buzz Phrases Big Reveal:
Predictive Analytics MapVida is focused on
Artificial Intelligence Predictive Analytics. | fear the

Small Data phrase may be close to....
Fast Data

Dark Data/Moneyball




“PREDICTIVE ANALYTICS”: ANOTHER BUZZ PHRASE?

Top Data Buzz Phrases Big Reveal:
Predictive Analytics MapVida is focused on
Artificial Intelligence Predictive Analytics. | fear the
Small Data phrase may be close to....
Fast Data
Dark Data/Moneyball

“predictive analytics”
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JUMPING THE SHARK HAS ADVANTAGES —IT’S

EVERYWHERE

Customers Who Bought This Item Also Bought

., AN

S—| —

£
Coleman Palmetto Cool- Slumberjack Latitude 20 Coleman Brazos 20
Weather Sleeping Bag Degree SyntheticSleeping Degree Sleeping Bag
Yrrdrdryy 248 Bag YWy 256
$24.99 Prime el oy 117 $29.89 - $139.20

$48.95 - $9,993.00



JUMPING THE SHARK HAS ADVANTAGES - IT’S

EVERYWHERE

Watch

Customers Who Bought This Item Also Bought NETELIE 0 tiorkics - Taste prome~ ovos
nstantly

Change order to: MAHUAL

My List (9)
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Coleman Palmetio Cool- Slumberjack Latitude 20 Coleman Brazos 20
Weather Sleeping Bag Degree SyntheticSleeping Degree Sleeping Bag
iy sy 248 Bag i driy 255
$24.99 Prime Al i i oy 117 $29.89 - $139.20

48.95 - $9.993.00
g CONTINUUM
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Customers Who Bought This Item Also Bought NETELINE o s ek i v

Instantly

My List (9) Change order to: MAHUAL
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Coleman Palmetto Cool- Slumberjack Latitude 20 Coleman Brazos 20 Bf eaking
Weather Sleeping Bag Degree SyntheticSleeping Degree Sleeping Bag - Bad
i i iy 248 Bag i i 255
$24.99 Prime i i dirdr oy 117 $29.89 - $139.20

$48.95 - $9,993.00
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GO g |e who painted
who painted the mona lisa
who painted the scream
who painted the last supper
who painted starry night

Press Enter to search ' Report inapprenpnite prodictions
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Customers Who Bought This Item Also Bought

ST |

Coleman Palmetto Cool-

3

Google

524.99

Weather Sleeping Bag

248

Prirme

who painted

who painted the mona lisa
who painted the scream
who painted the last supper
whao painted starry night

Press Enter to saarch

Slumberjack Latitude 20
Degree SyntheticSleeping
Bag

i e iy 117

§48.95 - $9,993.00
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Watch
Instantly

My List (9)

Breeaking
Bad

Season S now avaiable

CONTINUUM
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~ Taste Profile ~ DVDs

1 % 27% 24 | eeeec ATAT LTE

Rockland Rd

Slowdowns on your route
Expect 22-min delay

Change order to: MAHUAL
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RCAL CSTATE?T USES'OFPREDICTIVE
ANALYTICS



RCAL ESTATE?T USESTOFPREDICTIVE
ANALYTICS

 surgr



ACESTATE?TUSES'OFPREDICTIVE
ANALYTICS
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\
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San Tan Valley

L
Properties in Type 5 and 41 are plling in leases from
outside the areas (or those similar); Type 31 generates
m disproportionate lessee activity compared to available
properties (again, we can break this down further if
L interested); Type 20 seems t.o be “right on the money”
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9% of properties %of leases
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Within Groups SSE
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EXAMPLES OF CREATING A PREDICTIVE APPROACH

Cluster Solutions against SSE

SSE on
30 random samples
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Cluster Solution

SSE - Random SSE

Difference with +/- std dev of difference
plot

|
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Cluster Solution



EXAMPLES OF CREATING A PREDICTIVE APPROACH

Cluster Solutions against SSE

0
2 \ SSE on
SSE on
actual sample Cluster Solutions against (SSE - Random SSE)
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Proprietary and Confidential
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BASICS

What are the
outcomes you're
looking to predict (this
can be harder than
you may think)

Determine the

predictive method that
works best with your
data/approach
(consult with your
data scientist)

Validate often and
iterate

\



BASICS

What are the
outcomes you're
looking to predict (this
can be harder than
you may think)

Determine the
predictive method that
works best with your
data/approach
(consult with your
data scientist)

Validate often and
iterate

BUSINESS

Does your business
generate
data/outcomes (it
does, but can you
access at scale)

What are the risks of
use (risks of the model
not working well, or
regulatory risks)

Implementation and
ease of use (this is the
biggest obstacle)
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IT’S ABOUT TO GET MORE INTERESTING
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THE PROBLEMS

Renting an Apartment

Buying a Home Travel and Explore



Buying a Home

Marketing Intelligence

THE PROBLEMS

Renting an Apartment

Asset Management

Travel and Explore

Site Acquisition
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PROSPECT PREDICTIVE
TOOLS ANALYTICS

WE FIND “LOOK-ALIKE” NEIGHBORHOODS
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MARKETING BUSINESS
TOOLS INTELLIGENCE
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WE CREATED NEIGHBORHOOD CLUSTERS — AND ALLOW

CONFIGURATION

MapVida Compares and
Contrasts Familiar
Neighborhoods

LR
5 SUMMARY VIEW e

"
‘ The *Summary View" Is a radar chart showing I
the overlay of Upper Highlands to Baltard In

L terms of major nelghborhocd characterstics.
Click on any ) point to view more detail.

UPPER HIGHLANDS BALLARD

MapVida Clusters Millions of
Neighborhood Data Points to
Find the Familiar

: —
2 e

School
types/ratings

Business — Rate of change

types/starts

&Y A

i Walkability

-

-

Highly . Housing
Correlated A{i‘éﬁ?gﬁﬁy
Neighborhood W purchase)

A N

Measure 17+ Years Rate of Change (not just a

Geographic
Data

static snapshot of the neighborhood)
Coverage: Top 150 MSAs in U.S.
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CREATED CONSUMER FACING TOOLS — TO HELP NAVIGATE
UNKNOWN AREAS VIA DATA AND CONTEXT

Q. Denver

H Boulder

a

Fort Lupton

Thornton

Hudson
Summary

Bow Mar Heights,
Denver

Bow Mar Heights,
Denver

Housing Lifestyle Schools
9
. "“—"’ B - J
: - = Comparable Very Similar  Different i
Centennial o
i Businesses Walkabili Safe
- 1. ) (@

Neighborhood Summary by MapVida . R
For Washington Park 2 in Denver . 5 5 . " 5
Very Similar Similar Similar

Summary Lifestyle Housing Safety Schools Walkabilty Outdoors Businesses

Deckers
GOOgI e Compare Washington Park 2, Denver with:

I Outdoors
A city | know
A Denver N
A neighborhood | know
Explore Fin| »BarsBrae » Bellevue

» Bow Mar » Brandychase at Eastmoor Park

» Broadway Heights 1 » Brookhaven at Columbine Valley

» Chapin P Cherry Hills Heights

» Cherry Knolls » Country Club Villas

- An address | know

Not familiar with any of these neighborhoods? Look one up by name or address

Lifestyle Housing Safety Schools Walkability Outdoors Businesses

Somewhat
Alike

B : .. YL LY 1l




WE STARTED COMPARING OUTCOMES TO CLUSTER

DISTRIBUTIONS — TO FIND OVERPERFORMING AREAS

4 o — . & "
N — % of PMC Property Distribution vs. 9% of Leases (by
E— Essex’s San Fran traffic greatly varies from San Francisco [l E-P\”dﬂ MNe |gh barhood Type; in DC)
— Population...for example type 20 accounts for 42% of web
—— traffic while those neighborhoods only make up 20% of San
— Francisco’s population
S prralis
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FORTUNATELY FOR US, OUR APPROACH IS WORKING —
MARKETING IS MORE EFFECTIVE

v w
o ™ Click Through Rate

40%

Cost Per Click

Case study: Company adjusted its advertising
- to focus on MapVida’s suggested
- neighborhoods

Caveat: Results may vary based on market
- and previous marketing approach

Proprietary and Confidential



Link Sorm by Lssssn Prvicus Addmess.

WE’VE ALSO BEEN ABLE TO ASSESS DEVELOPMENTS
BASED ON PROFITABILITY AND MIGRATION PATTERNS

Proprietary and Confidential



IDENTIFYING SIMILAR AREAS, BY CLUSTER TYPE,

RANKED BY DESIRED OUTCOME

MUKIED
Merth Thre Total Value
o ey Lak

]
Howver over a Meighborhood 6

FACTS ABOUT A VERY
Woods PROFITABLE NEIGHBORHOOD

Silver Fir

Mill Creek

90+96 fewer restaurant options (per sq
mi.) than Seattle average

g Family income 1% lower
than Seattle average
Echa I
Lake bl EDAQQ'_’!:. fewer gyms, retail, and food
line Forest Sotha lle options; More solo commulers
Park

Similar areas will be useful for
realtors and consumers — when there
is low inventory or high prices (e.g.,

Elementary to high schoals
rate averagely; few private
schools

50% fewer public parks
than Seattle average

realtors can offer solutions at all
price points)

Crime rate is 47% lower than
Sealtle average




USABILITY WAS PARAMOUNT FOR OUR APPROACH
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INTUITIVE RESULTS - JUST NEED TO KNOW WHAT YOU LIKE
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USABILITY WAS PARAMOUNT FOR OUR APPROACH
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|NTU|T|VE RESULTS - JUST NEED TO KNOW WHAT YOU LIKE
4 = ’b' ' 4

PERFORMANCE MEASURED ON ACCURACY AND EFFICIENCY
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USABILITY WAS PARAMOUNT FOR OUR APPROACH

qul-.

|NTU|T|VE RESULTS - JUST NEED TO KNOW WHAT YOU LIKE
4 = ’b' ' 4

PERFORMANCE MEASURED ON ACCURACY AND EFFICIENCY
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MASS CUSTOMIZATION APPLY TO CUSTOMER DATA
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PICK YOUR CLICHE (THEY’RE TRUE, BUT STILL CLICHE’S)
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PICK YOUR CLICHE (THEY’RE TRUE, BUT STILL CLICHE’S)
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